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Summary

Climate change is one of the main challenges faced by the development of every
country. For countries producing agricultural commodities, the climate affects
the quantity and quality of products. Many methods have been proposed to keep
track of climate. One traditional method is the weather station model, which
indicates the temperature, wind speed, and direction and extent of cloud cover.
However, this method of predicting climate change has low accuracy due to
geographical variation, for example, mountainous or forested areas. Recently, a
combination of wireless sensor networks (WSN) and machine learning (ML) has
been considered for prediction with the Internet of Things (IoT), for instance,
through a wireless body area network. For climate change prediction, we design
and develop a control system that uses node sensors to collect data in sand-
hills and beaches, with data management conducted via a web application with
three components. The first component is designed to collect data from the node
sensors. The second component is mainly used to control the system through
a web application. The third component uses linear regression in ML to ana-
lyze the data to predict weight and volume. The complete system has been tried
and tested in real time on a 10-m2 area of a beach at Binh Thuan province,
Vietnam, where sensor node data were wirelessly collected over a cloud using
a web application. This enabled assessment of the current state of the land at a
coastal sandy beach, as well as prediction of the risk level of desertification and
natural disasters.
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1 INTRODUCTION
Climate change poses one of the most significant threats to modern civilization. The impacts of climate change may be
of an economic, social, or environmental nature and can also be positive, negative, or neutral.

Binh Thuan is a province on the southern central coast of Vietnam. It is dominated by sandy soil, and coastal sandhills
occupy about 16% of the total area. It receives a large amount of sun and wind, and the sandy expanse of the region is facing
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TABLE 1 Distribution of coastal sandy areas in Binh
Thuan province, Vietnam

# Types Surface area (hectares) Percentage (%)
1 White sand dunes 7.710 6.1
2 Yellow white sand dunes 7.710 5.8
3 Red sand dunes 77.960 61.9
4 Sea sand soil 32.995 26.2
5 Total 125.935 100

many difficulties due to its dry climate, low educational level, and individual economic constraints. These difficulties
include a lack of irrigation water, a lack of domestic water, and a significant risk of desertification. It is necessary to find
a technical solution to these problems, to prevent them from worsening.

The province has the driest climate in the country. The average annual temperature is over 27◦C, and the average annual
rainfall ranges from 1000 to 1600 mm per year, which is half the values typically received by other areas in the south. The
land in Binh Thuan has been becoming increasingly arid in recent years, partly due to the sea breeze and groundwater
extraction. Since the area is so dry and sandy, flying sand is a regular occurrence, which further augments the rate of
desertification. Sand dunes can form due to the continual wind present in the area, and sand from these dunes quickly
flows downslope away from the coast. Furthermore, fierce sandstorms can occur across these dunes and are capable of
burying villages and fields across thousands of hectares. Table 1 indicates the distribution of coastal sand in Binh Thuan
province, Vietnam. This movement of sand can affect regional production, especially of crops such as cotton and grapes.1,2

Desertification usually affects the fertility of an area. For example, the town of Bac Binh, located in Binh Thuan province,
used to be known for its vibrant crops and the large variety of animals inhabiting its forests. However, dramatic changes
have occurred in recent decades. The forests are gone, and animals and plants are struggling to survive because water
resources have dwindled. In addition, the overall quality of water resources, especially groundwater, has also decreased
over the past 30 years. These negative impacts can be permanent and irreversible. For instance, soil degradation causes
soil to be washed away, water supplies cannot be replenished, and lost forest areas cannot be recovered.3-6

However, advanced technology can offer benefits to people. In recent years, the Internet of Things (IoT) has started
to play a significant role in daily life by enhancing the ability of users to modify their surrounding environment. In fact,
IoTs are primarily used to predict and control factors concerning climate change and environmental matters. One of their
advantages is the possibility to provide governments with information regarding the effects of climate change on the
environment.7-9

Desertification usually affects the fertility of an area. For example, the town of Bac Binh, located in Binh Thuan province,
used to be known for its vibrant crops and a large range of animals living within its forests. But in recent decades, there
has been quite a dramatic change. The forests are gone, and animals and plants are struggling to survive because water
resources have dwindled. The overall quality of water resources, especially groundwater, has also decreased in the past
30 years. These negative impacts are sometimes permanent and irreversible; soil degradation causes soil to be washed
away, water supplies cannot be replenished, and lost forest areas cannot be recovered.3-6

Advanced technology, however, can bring benefits to to people's lives. In recent years, IoT has begun to play a significant
role in daily life, increasing our ability to modify the environment around us. IoTs are mainly used to predict and control
processes concerning climate change and environmental fields. They are ideal because they can provide governments
with information regarding climate change effects on the environment.7-9

The main focus of this article is to assess environmental change and sand movement in specific regions and provinces
of Vietnam and to provide farmers with information and recommendations to assist them in adapting to the changing
climate conditions with the use of WSN technology solutions. We would also like to raise awareness of the importance of
education relating to local habitats, the preservation and protection of water supplies, and the responsibility of provincial
authorities to prevent deforestation. More specifically, we acknowledge the importance of ML. A number of drawbacks
and limitations that should be considered when using ML techniques in WSN applications are presented in Table 2.

The contributions of this study are as follows:

• The design and development of a novel advanced sensor structure for monitoring the movement of sand in Vietnam
at a low cost, based on state-of-the-art WSN technology.

• The implementation of transfer techniques for LoRa technology. Data measured and collected by node sensors at a
study location can be transferred to a web application, from which farmers and local governments can access it anytime.
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TABLE 2 The pros and cons of combining machine learning and wireless sensor network

Model Combining Machine Learning (ML) and Wireless Sensor Networks (WSNs)
• WSNs usually monitor dynamic environments that change rapidly over time.
• WSNs may be used to gather new knowledge about unreachable or dangerous locations in real time.
• System designers prefer robust ML algorithms that are able to

Pros calibrate themselves to newly acquired knowledge.
• WSNs are usually deployed in complicated environments where researchers cannot build
accurate mathematical models to describe the system behavior. While some
WSN tasks can be prescribed using simple mathematical models, they may still
require complex algorithms to be solved. Under similar circumstances, ML
provides low-complexity estimates for the system model.

Cons • WSNs use a considerable percentage of their energy budget to predict
accurate hypotheses and extract the consensus relationship from data samples.
• A trade-off is present between the computational requirements of
the algorithm and the accuracy of the learned model.
• The higher the required accuracy, the higher the computational
requirements, and the higher the energy consumption.

• A system based on linear regression in ML, which analyzes sensor data in conjunction with the weather to predict sand
movement in the near future. Governments and farmers can use this technology to gain a better understanding of the
environment, and to protect dwindling resources.

• The first article to propose the use of a WSN to provide a reliable reference for comprehensively understanding the
influences of climate change in Vietnam.

• The successful deployment of this system in Binh Thuan province, Vietnam, where the results prove its usefulness in
evaluating climate change damage.

This article is organized as follows: Section 1 provides a comprehensive introduction; Section 2 discusses related work;
Section 3 presents the proposed diagnostic system; Section 4 presents relevant results; and Section 5 offers a discussion.
Section 6 concludes the article.

2 RELATED WORKS

In recent years, a large amount of research has been conducted on sand movement in wind tunnels. For example, sand
dyed in fluorescent colors was embedded in an artificial wind tunnel, and a video camera recorded its dispersal over time.
The distribution of the colored sand, both in the downwind and crosswind orientations, was then examined. The results
were very insightful and demonstrated that an artificial model can be used to accurately predict sand movement in a real
environment.9,10

The survey performed in Tomasz11 introduces the method of monitoring coastal dunes for scientific purposes. The
description of the technique is focused on the specific aims of the research, in addition to the morphological coastal forms
and vegetation cover types. The precision of measurement techniques and collected data is also noted.

Another experiment made use of both the Global Positioning System (GPS) and traditional beach surveying methods
and a beach monitoring method using kinematic GPS surveys was developed shortly afterwards. This method involves
collecting specific GPS locations from a specialized moving vehicle so that an exact model of a two-dimensional beach
surface can be generated. The results indicate that the GPS analysis is in sync with traditional shore-normal surveys to a
level of 1 cm, and repeated GPS measurements employing a moving vehicle reveal the precision to be accurate to 1 cm.
Moreover, repeated and continuous sampling by the GPS surveying technique reveals changes in shorelines and beach
morphology that conventional shore-normal profiles do not usually detect.12 The application of GPS surveying systems,
merged with traditional systems, provides an enhanced understanding of beach changes, sediment transport, and storm
impacts and gives native people living in the region valuable information about their changing environment.13,14

Remote sensing has long been applied to study sand dune movement.15 As a result, a methodology has now been gen-
erated and examined to map various sand dune habitats. The original objective was to present an operational device that
could map environments and monitor changes at specific sites around England. This technique has provided a different
way to monitor change in coastal nature areas and assists the management and preservation of protected sites.16
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Other studies have used optically sensed images to provide accurate measurements covering a wide area.17 By employ-
ing this method, it is feasible to identify and classify three spatial properties of sand dunes in the studied areas. These
characteristics include the spatial distribution of sand dunes relevant to other morphological units in the study region, the
speed and magnitude of sand dune migration rates, and the direction and orientation of sand dune migrations. In Diego
et al.,18 we developed a sand dune encroachment vulnerability index to assess the susceptibility of Nouakchott to sand
dune encroachment. This index is based on the geophysical characteristics of a given area, and when used in conjunction
with a geographic information system (GIS), it can help regional governments with the task of implementing preventive
measures.

The article in Pozzebon et al.19 proposes a WSN framework, which is believed to be a novel solution to remotely measure
sand level movement for beaches or dunes in real time. The study proposes a low-cost sensing structure, which can
measure level changes and send data via Zigbee communication technology. Moreover, the specified sensor is integrated
into a collection of sensors that, when arranged in a grid layout, can obtain the same data at multiple points, thus enabling
the description of changes in a studied region. This technology is proving to be an excellent device for investigating coastal
erosive processes.

Other research has proposed the use of a sensing structure that is able to orientate and position itself according to wind
direction and directly measure the volume of wind-transported sand by collecting samples and estimating its weight. The
experiments were conducted remotely without the need for human participation. This was possible because the structure
is equipped with a Zigbee wireless communication module, which periodically sends readings to a local gateway. Data
are then prepared by a microcontroller and transferred to a remote data store center with the use of GSM technology.20

A study conducted in Iran sought to examine and predict climate change effects with a focus on temperature and rain-
fall.21 According to the simulated example presented in the study, rainfall exhibited a decreasing trend, while temperature
exhibited an increasing trend. Other research has considered consumer waste connected to climate change,22 particularly
consumer waste generated when people dine out in restaurants. An online survey was conducted in which several hun-
dred young adults were asked questions, each of whom had dined out in a restaurant during the previous month. Using
an equation developed in the study, it was found that climate change awareness positively influences an individual's atti-
tude and intention to reduce the waste that they produce. A fundamental review of the study problems discussed in this
research is provided by Zhang and Reggiani,23 which points out how the performed studies support the improvement
of scientific understanding by policymakers. However, all of these solutions only provide theories for the prediction of
climate change.

By applying modern mathematical models, some studies have proposed methods for accurately predicting climate
change effects.24-27 The optimization Maxent model presented in Li et al.,24 which is based on the method of maximum
entropy, is a useful example of kind distribution. However, the range of appropriate variables within an environment,
along with type parameters, is an essential factor that must be considered when applying this model. A model for pre-
dicting rainfall in water-scarce regions can be seen in Alotaibi et al.,25 which the authors view as an effective aid to water
resource management. This method involves machine learning. However, the general model is very complex and com-
bines many machine learning elements. The article in Zhu et al.26 aims to establish the historical streamflow response
to climate change and to forecast future response based on artificial intelligence models. However, future hydrological
projections featured high uncertainty. Another climate change model was constructed using a neural network and was
termed a radial basis function.27 Again, this study combines many machine learning elements to establish the connection
between climate change and extreme weather, although the impacts of climate change have not been quantified simply
with the connection between climate change and extreme weather.

Many studies have attempted to analyze the risk posed by climate change to agriculture in developing countries like
Vietnam.28-31 However, to date, no clear-cut information has been provided. Moreover, these authors do not introduce
any technology to measure the impact of climate change in Vietnam.

After reviewing a number of relevant studies that feature advanced technology and algorithms, with the advantages
and disadvantages of three different models listed in Table 3, we consider it necessary to provide a more efficient way to
understand the impacts of climate change. This especially holds true for certain coastal areas of Vietnam, where people
would benefit from having a cheap and simple way to analyze the changes in their environment.

We propose a visual monitoring method for tracking sand levels and sand movement in coastal areas. The ever-changing
status of sand dunes can be monitored using WSN technology, combined with a microcontroller. This would be invaluable
for farmers by helping them to plan ahead. Furthermore, this method expands and builds upon the technology/methods
proposed by existing studies but at a lower cost. We also introduce a web application to enable farmers or government
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TABLE 3 Advantages and disadvantages of the different methods used to measure sediment transport

# Model Advantages Disadvantages
• Low prices and complexity levels. • Results are not always evident.

1 Visual • Equipment is not needed. • Requires challenging storage of large
amounts of map data.

Global Positioning • Can be used to image the time,
2 System (GPS) location, and characteristics of dust plumes. • High prices and complexity levels.

• High accuracy and tested on extensive coverage. • Equipment is needed, and stations are moderately
complex to set up and maintain.

Wireless sensor • Low costs, highly accurate prediction, and real time. • Requires technical assistance to design and set up.
3 networks (WSN) • Can be applied to more extensive coverage and • Results depend on a suitable sensor.

used at any time, position, and for real-time monitoring.

FIGURE 1 Explanation of the WSN
system

agencies to directly monitor sand movement at any time or location. Finally, we propose an algorithm to predict the
amount of sand movement within a given area based only on wind speed.

3 MATERIALS AND METHOD

3.1 An overview of the system
This article aims to design and implement a system, with sensors integrated into the WSN, which can monitor sand
movement by using a web application. A methodology flowchart and general explanation of the WSN system are provided
in Figure 1. This research included four steps: The first step was to collect 1-week worth of data covering four separate
times of the day, concerning wind speed and sand movement in the study area. The second step involved clearing the
area to install equipment. The area was large, with a rather complex erosion process. The third step was to design a WSN
system with a two-component sensor node architecture and server node architecture. The first component of this step
consisted of the sensor node and server node and the entire policy applied technology such as light sensors, load cells,
microcontrollers, and wireless data transmission devices through LoRa technology between sensor nodes and servers. The
second component was a web application, which allows an administrator to control the system. In addition, information
from the WSN device can be viewed by the administrator to manage temperature control, while the MQTT protocol and
web application display functionality. Finally, the last step involved using a mathematical equation to predict future sand
movement based on wind speed. Since governments and farmers require accurate weather predictions for agriculture
projects, this part of the procedure was very important. The details of the study area, along with the data collection and
system architecture, are described in the following sections.

3.2 Study area
Binh Thuan province is the driest province in Vietnam. Climate change is significantly affecting this area, due to a shift
in the rates of rainfall and sand movement. Some researchers hold the opinion that the loss of forest land, the extension
of irrigated areas, and the change in sand movement constitute the most severe environmental problems faced by the
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FIGURE 2 Aerial image of the study area in Binh Thuan province,
Vietnam

FIGURE 3 3-D simulation of the system: (A)
3-D model of the central cylinder; (B) 3-D model
of the central cylinder, together with the other
four cylinders

current generation. To evaluate the effect of sand encroachment on agricultural land, the study area in this section is
located between latitudes 10◦55′ and 2◦2′N and longitudes 108◦16′ and 56◦8′E and is displayed in Figure 2.

3.3 Data collection
Historical wind speed data for the research site can be found at the National Centre for Hydro-Meteorological Forecasting
(NCHMF), a Vietnamese government organization (https://www.nchmf.gov.vn/). Additional information can be found
on climate websites such as https://www.windfinder.com/. For this study, due to the potential influence of environmental
variation on analysis outcomes, positions in all administrative regions were chosen. In addition, due to possible impacts
by other factors, such as the scale of different climate positions, equipment accuracy, and management, the quality of data
changed considerably between each situation.

3.4 System architecture
This subsection details two mechanical devices whose function is to collect sand that has been moved and displaced by
the wind. The first, rather simple, device is a PVC plastic cylinder with a hole in its side. Sand blows into the hole and falls
to the base of the cylinder, from where it can be measured and examined. The cylinder is 10 cm in diameter and 120 cm
in height, with two 8 × 60 cm rectangular holes on both sides cut approximately 20 cm above the base. The front hole
is exposed and open to the elements, while the back hole is completely covered with a polyester veil with a 60 m mesh.
This veil is fine enough to filter out grains of sand but allows smaller particles (such as silt and clay) to pass through. The
second device consists of four different plastic cylinders, all of which are carefully arranged around a central cylinder,
which has a square hole of its own. A 3-D model of this device can be seen in Figure 3.

To measure sand mass, we have designed a unique plastic basket, which is essentially a 15 cm high 3-D-printed cylin-
drical container. The upper lip of this container flares out so that it fits within the lower part of the mechanical structure.
This particular shape has been specifically chosen to reduce the amount of friction between the basket and the inner walls
of the rotating part of the plastic tube. Conflict in this part of the device would be a problem, as it could affect its precision

https://www.nchmf.gov.vn/
https://www.windfinder.com/
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FIGURE 4 Prototype of the sensing structure:
(A) 3-D model of the basket; (B) the real basket
and funnel used to collect sand

Devices Amount Function
IC 74HC595 1 Manage 4 level
IC 74HC151 8 2 ICs/ 16 levels
A photo-resistor 64 1 photo-resistor manage 1 level
Resistor 64 Reduce the electric signal and return to the IC, safe and

increase lifetime battery
ATmega 328P-AU 1 Microcontroller
ESP8266 Node 1 Wi-Fi
MCU
E32 TTL 433 MHz 2 LoRa
HX711 1 24-bit ADC converter
DHT11 1 Temperature

TABLE 4 Module components used for
the sensor node architecture

and accuracy, so it was paramount to prevent this from happening. The upper section of the basket has been shaped like a
funnel to direct collected sand toward the middle of the basket's base, therefore optimizing even placement inside the bas-
ket, to allow the load cell to accurately measure its weight. Once the basket is full of sand, it has to be emptied manually.
This is achieved by removing the lid of the rotating structure (which is firmly attached to the weather vane), then lifting
the basket up to the top. This task does not require the removal of any mechanical parts and thus does not interfere with
data collection (although any weight measurement will be inaccurate while the basket is not in its usual position). A load
cell with a maximum limit of 5 kg was used in this article. A 3-D model and a real archetype of the plastic, 3-D-printed
basket is shown in Figure 4.

3.4.1 Sensor node architecture
The device's sensor and server node architecture are explained in further detail in the following paragraph.

The sensor node includes components such as a volume scale that uses a light sensor, a sand mass measuring device
which uses a load cell, an IC that controls the level, and a microcontroller that reads the data.32-38 Sea breezes cause
humidity and condensation within the device, which the node needs to account for while controlling the operation of the
circuit, the LoRa wireless transmission system, the IC that controls the scales, and the sand mass condensation equipment.
The module components used in this article are shown in Table 4. The selected main board was an ATmega328P-AU,
which is based on an 8-bit microcontroller with a 32-Kb flash memory. The main features of this microcontroller are as
follows:

• Operates from a DC-5V source.
• Integrates a connector pin to load code for microcontroller via UART standard and push the reset button if needed.
• Connects and reads ADC data (24 bits) from a HX711 unit.
• Commands the translation IC to control an optical impedance measurement scale via a channel aggregation ICs.
• Enables UART communication via virtual serial port with a LoRa data transmission module.

The HX711 module communicates with a weight sensor that converts the weight to be measured into an electri-
cal/analog signal. And then the module converts it to a digital signal and transmits the signal to the microcontroller for
processing and dispatch. The LoRa module communicates with the microcontroller via the virtual serial port, before
sending the data collected from the sensors to the server. The IC 74HC595 is sent out by the microcontroller to issue
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orders to control the amplitude scale, which measures the amplitude of the sand. In this way, it is transferring the ampli-
tude signal to the microcontroller. The amplitude scales are controlled by a 74HC151 channel aggregation ICs and an
ATmega328P-AU microcontroller. In order to, the sensor information is read by the microcontroller only every 4 s, not
continuously. The sensor node can control up to four amplitude ranges simultaneously and incorporates the extension of
the function pins for communication between the microcontroller and the computer.

The ATmega328P-AU microcontroller reads the signal of the ADC HX711 module from the DT pin of the module,
connects to the SCK pin of the HX711 module, and uses a clock to adjust the sampling rate of the ADC module. When
communicating with the microcontroller and ADC 24-bit HX711 module, it is necessary to adjust the values for sampling
and to read the level of the returned voltage that corresponds to the change in weight. For the mass sampling process to
be successful, the gain is set for the HX711 module by exporting the corresponding number of pulses from the microcon-
troller via HX711 via the SCK pin. Because channel A of HX711 is used to read the weight value, and the lowest possible
voltage resolution is desired, gain is chosen that is equal to 128, which is equivalent to an output of less than 25 pulses for
HX711. The next relevant parameter to set is the sampling rate of HX711. A sampling rate of 10SPS is preferred because
the application does not require the sampling rate to be too fast. For real-time sampling, 10SPS is negligible and avoids
interference at 80SPS. Measurement errors can be overcome by utilizing a high average sampling frequency.

To determine the mass value, we flatten the ADC reading from the HX711 and then take a sample of 100 g. Because
each Loadcell and HX711 module has a different resistance value (even if the weight value is equal, different raw values
are given when they are connected to the ADC 24-bit module). Four steps are followed to find the measurement value in
grams:

• Step 1: Read the rough value divided by 24 bits in HX711 denoted by RDn;
• Step 2: Create a loop with the average number of samples divided by variable t to obtain a stable ADC division value;

RDaverage =
∑t

n=0 RDn

t
, (1)

t denotes the number of sampling times selected by the user. The number of samples can be 16, 32, 64, or 128 and is
selected according to the need for accuracy. A value of 128 will provide a stable value and error in milligrams but will
consume the resources of the microcontrollers.

• Step 3: Subtract the average ADC value from itself and set the value to zero to serve the standard unit of the amplitude
scale.

• Step 4: To select the division value according to the scale of 100-g amplitude, a 100-g test sample was placed on the
system. The system then features the RD100g = 45 100 values.

Value decision =
RD100g

100
= 451, (2)

After the correct calculation of the sharing value, it is entered into the program so that it is always available, even if
the device needs to restart. The microcontroller also has the function of inputting values from the serial book to perform
a resampling of the weight values. Next, we introduce the sensor node structure and learn about the features of the
components that make up the system. We designed a two-layer circuit with a central microcontroller, ATmega328P-AU,
with the device components described in Table 4 embedded into the central circuit that have the ability to measure the
amount of sand transported by the wind, as well as moving surface sand. Subsequently, we integrated the circuit with the
plastic basket shown in Figure 5.

After printing the basket using a 3-D printer, we placed the circuit board and basket into the PVC tube; as shown in
Figure 6. amplitude scale block is designed to measure the amplitude of the sand, because the change in coastal sand
amplitude may increase or decrease depending on ebb and flow. This is especially the case in areas where landslides
often occur. Landslides are also covered by sea sand, so the amplitude scale can measure the fluctuation of the amplitude
depending on weather conditions in specific locations.

As mentioned, the device includes four amplitude scales to calculate the volume of sand in an area. After extensive
testing, we find that the ideal setup for the four scales is to have resistors with 16 levels on each scale. The principle of
operation for the amplitude scales is straightforward: We arrange the optical support along a plane with 16 photo-resistor
impedance, equivalent to 16 measurement levels. If any position is obscured or exposed, the amplitude scale sends a value
that corresponds to the level measured there.
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FIGURE 5 Prototype of the sensing
structure: (A) two-layer circuit board with a
central microcontroller; (B) real module with a
basket on the top, load cell in the middle, and a
two-layer circuit board with LoRa module
transmission

FIGURE 6 Mechanical structure with a tube
made from PVC thermoplastic polymers: (A) a
pilaster PVC tube, which is placed in the center
region; (B) four pilaster plastic tubes used to
measure the volume scale in a region

A photo-resistor is a type of resistor that changes with light intensity. When intense light shines in its direction, it
reduces the resistance value and vice versa. Photosynthesis comprises a high-impedance semiconductor; when photons in
high-energy light rays strike electrons in a molecule, the semiconductor turns into a magnetic conductor and reduces the
resistance. In low light or dark environments, the resistance value can reach 2 MΩ and can be reduced to about 100Ω in the
presence of intense light. A photo-resistor impedance is usually made from cadmium sulfide (Cds) and cadmium selenide
(CdSe). Due to the smothering nature of airborne sand, an optoelectronic device is very suitable for this application. The
type of resistance used is 5 mm, and the distance between the scales is 30 mm.

Marine environments, high temperatures, and the presence of corrosive components such as sand and seawater can
easily damage the sensors of the device. With this in mind, the housing column was inserted into a plastic tube to preserve
and protect it. The tube is completely sealed, and no sand can enter it, so the photo-resistor is fully protected. Even if a
thin layer of sand manages to adhere to the column, its accuracy is unchanged, because the photo-resistor can detect the
proximity of sunlight through a thin layer of sand.

The ATmega328P microcontroller details with 74HC151 functions, listed in Table 5, and scale system can perform the
following tasks:

• Control 74HC595 to turn the scales on and off;
• Read output sample signals to scan measured level values through 74HC151;
• Read comparative messages returned from 74HC151;
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TABLE 5 ATmega328P-AU details with IC 74HC151 functions

ATmega 328P pinout IC 74HC151 Function
2 Y Read the value of the returned result from the comparator signal IC
A3 S0 Output a scan signal to the scale value at pin A
A4 S1 Output a scan signal to the scale value at pin B
A5 S2 Output a scan signal to the scale value at pin C
10 DS Control signal level
11 SH Export the control bits
12 ST Transfer the signal bits
13 EN Enable IC operation

• Output 74HC595 IC control signals in a premade array of messages through pins 10,11,12,13, thereby enabling sequen-
tial operation of the controlled IC74HC151 for readability. In addition, the levels of the microcontroller scale must
connect the output signals to pins A, B, and C of 74HC151, as well as read the comparative message returned from pin
Y of 74HC151. This saves the signal pins of the microcontroller, thereby reducing the size of the hardware. To be able
to activate 74HC595, we output pin 13-EN level 1 to allow the translation register of the IC to work and delete all data
existing in the previous entry.

Pin 10-DS is responsible for displaying high or low values, depending on the requirements of use for initializing the
program, to ensure that all 74HC151 are turned off equivalent to the output pins of 74HC595 of level 1. The microcontroller
creates a loop to carry out the data to be exported to all eight registers of 74HC595 and then output by an upward edge at
the ST CP pin position. The IC 74HC151 will be set from 1 to 8, respectively:

• Scale 1 is IC 1 and 2;
• Scale 2 is IC 3 and 4;
• Scale 3 is IC 5 and 6;
• Scale 4 is IC 7 and 8.

After introducing the sensor node structure and outlining the various features that make up the system, we considered a
method for determining the volume of sand displaced by wind. This is done in four steps, with different techniques to read
data values according to Equations (1) and (2). Next, we introduced a simplified method to determine the displacement
of sand volume, based on the square calculation formula introduced in Equations (3)–(8). After introducing the features
of the sensors and adjusting the parameters, as well as methods for determining the displacement volume according to
the wind, we started to design a practical model with a central cylinder to measure the amount of collected sand.

After obtaining all of the amplitude values from the scales, we calculate how much the volumetric value varies from the
original design level. Following the original design, four scales are set up vertically and are situated perpendicularly to
each other, forming a rectangular shape, with the distance between the pillars dependent on the measurement conditions
shown below. The height of the four sides a, b, c, d are set to be equal to the height of the four scales. To calculate the
total volume of the rectangular cube, we divide the volume of the rectangle into two parts, with two different ways to
choose a triangular prismatic cube, V1 and V2, and then average the two volumes. We then obtain an average volume of
sand displacement. Figure 7 depicts the geometry that may be used to calculate the volume of a triangular cylinder.

We divide the rectangular cube into four quadratic prismatic blocks: (EHF.ADB||HFG.DBC) and
(EFG.ABC||EGH.ACD). The formula for calculating the volume of a triangle cylinder is

VXYZ = S × L, (3)

where

• S is the area of the base of the prism;
• l is the height of the prism.

The formula for calculating the area of the base is

S = 1
2

a × h, (4)
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FIGURE 7 Rectangular prism with all sides
adhering to the equation dimensions. Pilaster
plastic tubes are attached to the four corners to
take measurements in a given region

Triangulars Formula
EHF.ADB V(EHF.ADB) = S

(
a+b+d

3

)
HFG.DBC V(EHF.ADB) = S

(
c+b+d

3

)
EHG.ABC V(EHF.ADB) = S

(
a+b+c

3

)
EGH.ACD V(EHF.ADB) = S

(
a+c+d

3

)

TABLE 6 Equations to calculate the volume of triangular blocks

where a is the length of the base and h is the height of a triangle.
However, due to the setting of the scales forming a square, the two triangles of the base always have the same area; thus,

we have
S = SABD = SDBC = SADC. (5)

Due to the nature and properties of sand, the lengths of the three sides of the triangular prism are almost equal. In order
to calculate the average measurement of the lengths, the area of the base is divided equally into four parts. We then have
a formula for calculating the volume of triangular prisms.

Then, we get

V1 = VEHF.ADB + VHFG.DBC = S
(

a + b + d
3

)
+ S

(
c + b + d

3

)
, (6)

V2 = VEHG.ABC + VEGH.ACD = S
(

a + b + c
3

)
+ S

(
a + c + d

3

)
, (7)

where the equations of VEHF.ADB, VHFG.DBC, VEHG.ABC, and VEGH.ACD are shown in Table 6.
Since the volume of the rectangular cube is equal to the average of the two volumes, we can change the volume of sand

to be
Vmov =

1
2
(V1 + V2) =

1
2

[
S
(

a + b + d
3

)
+ S

(
c + b + d

3

)
+ S

(
a + b + c

3

)
+ S

(
a + c + d

3

)]
= S

2
[
a + b + c + d

]
.

(8)

Finally, we set that the total weight movement is equal to the values from Equations (2) and 8, as shown in Table 6.

3.4.2 Server node architecture
The server node architecture is designed with a single circuit using a 5-V source with two communication modules (LoRa
E32 and ESP8266),38,39 as shown in Figure 8, and placed far from other devices to avoid interference. In this circuit, the
LoRa module can receive data from the station before transferring the data to the Wi-Fi module. Then, the Wi-Fi module
forwards the data to the web application. This data transfer is performed by using the hypertext transfer protocol request
to a Java web application, which controls the data acquisition. It is subsequently stored in a MySQL database, in addition
to its visualization.

3.5 Web application for online data collection
A web application has been developed with Java programming to manage data on sand movement caused by wind. This
web application also aggregates the temperature, sand movement, and wind speed to obtain weather forecast data for
NCHMF, which is a governmental organization in Vietnam https://www.nchmf.gov.vn/. The application provides the
forecast information in JSON and HTML formats. It reads the forecast data (JSON format) of the particular situation
employing API, then stores it in a MySQL database on the server, which is included in the prediction algorithm.

https://www.nchmf.gov.vn/
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FIGURE 8 Prototype of the server node

TABLE 7 Collected data during the
data acquisition campaign, achieve by a
sensor node at Binh Thuan Province,
Vietnam

Samples 1 2 3 4 5 6 7 8
Wind speed (m/s) 8.06 8.10 8.13 8.29 8.51 8.56 8.83 8.95
Total (g) 46.09 48.68 52.20 66.95 89.60 94.18 120.16 132.12
Samples 9 10 11 12 13 14 15 16
Wind speed (m/s) 9.14 9.17 9.31 9.33 9.46 9.93 9.96 10.03
Total (g) 150.92 160.16 170.22 183.06 229.50 236.02 239.38 240.38
Samples 17 18 19 20 21 22 23 24
Wind speed (m/s) 10.08 10.11 10.22 10.27 10.29 10.38 10.47 10.85
Total (g) 247.29 255.29 257.75 264.06 265.39 273.18 280.94 320.18

3.6 Predict sand movement by using linear regression in machine learning
Regression analysis is a staple of classical statistical modeling. In very general terms, regression is concerned with describ-
ing and evaluating the relationship between a given variable and one or more other variables. More specifically, regression
attempts to explain movements in a variable by reference to movements in one or more other variables. The model
𝑦(t) = 𝛼+𝛽x(t)+u(t) is known as the classical linear regression model (CLRM). Data for x(t) are observable, but since y(t)
also depends on u(t), it is necessary to be specific about how the u(t) are generated and shown in Brooks.40 Though it may
seem somewhat dull compared to some of the more modern statistical learning approaches described in later paragraphs,
linear regression remains a useful and widely applied statistical learning method.

When studying and monitoring a specific area, data are collected at 24 sampling intervals throughout the week. The
datasheet includes the amount of sand measured by the central pole, the moving volume of sand measured by the four
surrounding posts, and the corresponding wind speed. Based on the data table, the higher the wind speed, the greater the
extent of sand volume movement. These factors influence each other, so linear regression is a suitable model to use.

Linear regression is a regression algorithm whose output is a linear function of the input.41,42 This is the most straight-
forward algorithm in the group of supervised learning algorithms. Regarding the problem with the table of values shown
in Table 7, a dataset of 24 sampling times a week is produced in the study area to determine the displacement of sand. By
examining the wind speed values x1, along with the sand movement x2, we can predict the future sand movement in a
given study area. But what would the prediction equation 𝑦 = 𝑓 (x) yield? Here, the factor x is a column vector containing
the input data, and the factor y is a positive real number.

We know that sand movement increases with higher wind speed. With this knowledge, we can design the output model
to be a simple function of the input. Then, we can see that the output model is a simple function of the input. In the
general case, if a d-dimensional feature vector describes each data point x ∈ Rd, then the output prediction function is
written as follows:

𝑦 ≈ 𝑦̂ = 𝑓 (x) = 𝜔1x1 + 𝜔2x2 + … + 𝜔dxd = xT𝜔, (9)
where, 𝜔 = [𝜔1, 𝜔2, 𝜔3]T is a weight vector , which is to find. Since, the relationship y ≈ f (x) in Equation (10) is a linear
relationship.
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Similarly, with all data pairs, where N is the number of data in the training set, finding the best model is equivalent to
finding 𝜔 so that the following function reaches the minimum value:

(𝜔) = 1
2N

N∑
i=1

(
𝑦i − xT

i 𝜔
)2
, (10)

where (𝜔) is the loss function of linear regression model with parameters 𝜃 = 𝜔. The aim of Equation (10) is the smallest
loss, which can be achieved by minimizing the loss in 𝜔.

𝜔∗ = argmin(𝜔), (11)

where 𝜔∗ is the solution of the problem to be found, and the Equation (11) can be expressed as

𝜔 = argmin(𝜔). (12)

Before building the solution for the optimal problem of the loss function, we see that this function can be abbreviated
in the form of matrix, vector, and norm as follows:

(𝜔) = 1
2N

N∑
i=1

(
𝑦i − xT

i 𝜔
)2

= 1
2N

‖‖‖‖‖‖‖‖‖‖‖

⎡⎢⎢⎢⎢⎢⎣

𝑦1

𝑦2

⋮

𝑦N

⎤⎥⎥⎥⎥⎥⎦
−

⎡⎢⎢⎢⎢⎢⎣

xT
1

xT
2

⋮

xT
N

⎤⎥⎥⎥⎥⎥⎦
𝜔

‖‖‖‖‖‖‖‖‖‖‖

2

2

= 1
2N

||𝑦 − XT𝜔||22,
(13)

where, 𝑦 = [𝑦1, 𝑦2, … , 𝑦N]T , X = [x1, x2, … , xN]T . Thus, (𝜔) is a function related to the square of the norm 𝓁.
We see that the loss function has gradients at every𝜔. The optimal value of𝜔 can then be found by solving the derivative

equation of (𝜔) for 𝜔 to 0. Then the gradient of this function is relatively simple, as seen below:

▽(𝜔)
▽𝜔

= 1
N

X(XT𝜔 − 𝑦). (14)

Since the gradient function is equal to zero,

▽(𝜔)
▽𝜔

= 0 ⇐⇒ XXT𝜔 = X𝑦. (15)

If the square matrix is inverted, Equation (15) has a unique solution 𝜔 = (XXT)−1X𝑦. Otherwise, if the square matrix is
not inverted, Equation (11) has no solution or has minimal solutions. In general, the solution to the optimization problem
in Equation (11) is as below:

𝜔 = (XXT)†X𝑦. (16)
Since the solution of the minimum problem of the loss function is

𝜔̄ = argmin 1
2N

||𝑦 − X̄T𝜔̄||22 = (XXT)†X̄𝑦. (17)

4 EXPERIMENTAL RESULTS

The main objective of these experiments is to track sand movement using sensors and sometimes by utilizing weather
forecast information. The secondary objective is to develop an algorithm that can predict future sand movement.
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FIGURE 9 Prototype of the sensor
structure installed in a real environment
in Binh Thuan province, Vietnam

FIGURE 10 Screenshot of the web application

4.1 Test in a real environment
As described in the previous section, a field data collection node was deployed in the sandhills of Binh Thuan province.The
collected field data can be seen in Figure 9 and at the following YouTube link. The data were collected at the node sensor
and sent to the server node via LoRa, then transferred to the web application via ESP8266. The sampling time of the sensor
nodes was recorded four times per day. Figure 12 shows a screenshot of a web application-based interface for real-time
monitoring, which displays the current sand movement and wind speed recorded by the sensor over one week. The node
is powered by a rechargeable battery that lasts for two weeks.

A website was designed for this monitoring system, which displays the data acquired from the multiple sensors.
Real-time data are displayed, in addition to an up-to-date dynamic line chart, as shown in Figure 10. The collected data
are also stored in a database for further retrieval if required, which includes and sand movement, wind speed, and data
transform the four scales. These experimental data should be invaluable for farmers when planning their work.

4.2 An algorithm for sand movement prediction
The aim was to collect extensive data from an area of farming land using sensors and then to utilize the sensor data
along with weather forecast information to develop an algorithm that can predict soil moisture in the near future. The
algorithm uses a linear regression approach, as discussed in Section 3.6, to achieve a high degree of accuracy. Based on
Equation (17), the linear data samples in Table 7 are plotted. The weight is evidently proportional to the wind speed, so the
linear regression model can be used for this prediction. Considering that the 6-day data sample (as shown in Figure 11)
is arranged almost in a straight line, the linear regression model is likely to produce good results. Applying Equation (17)
returns the solution of the linear regression as w = [[−755.49][99.45]].
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FIGURE 11 Linear regression equation model

Samples 1 2 3 4 5 6 7 8
Actual 46.09 48.68 52.20 66.95 89.60 94.18 120.16 132.12
Predicted 49.10 50.09 53.08 68.99 90.87 95.84 122.69 134.63
Samples 9 10 11 12 13 14 15 16
Actual 150.92 160.16 170.22 183.06 198.50 236.02 239.38 240.38
Predicted 153.53 156.51 170.43 172.42 185.35 232.10 235.08 242.04
Samples 17 18 19 20 21 22 23 24
Actual 245.32 255.29 257.75 264.06 265.39 273.18 280.94 320.18
Predicted 247.01 250.00 260.94 265.91 267.90 276.85 285.80 323.60

TABLE 8 Comparisons between actual and
predicted values

FIGURE 12 Comparisons between actual
and predicted values shown on a bar chart

To find values, the sklearn.linearmodel from the Scikit–Learn library (https://scikit-learn.org/stable/) can be utilized
with the use of Python programming, which is a popular library in ML. The solution of the linear regression of the
sklearn.linearmodel was w = [[−755.49][99.45]]. Thus, by applying this model, we see that the results of the two calcu-
lation methods are the same. The outcome variables of the equation are weight and sand movement, while the input
variable is wind speed:

weight predict = 99.45 × windspeed − 755.49, (18)

Equation (18) enables the prediction of sand movement based on any wind speed condition. To check the accuracy of
the model, sand movement data collected in a real environment were compared with the predicted sand movement data
presented in Table 8. Results can also be compared on a bar graph, as shown in Figure 12. Our linear regression model is
exact; the predicted percentages are close to the actual ones.

The final step was to evaluate the achievement of the algorithm. This step is particularly crucial to be able to compare
the performance of different algorithms on a particular dataset in Table 8. For the linear regression algorithm, a commonly

https://scikit-learn.org/stable/
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used evaluation metric, is the mean absolute error (MAE),43 which is calculated as

MAE = 1
N

N∑
𝑗=1

||𝑦𝑗 − 𝑦i||. (19)

Applying Equation (19) returns an MAE value of 4.6, we can see that the value of MAE is 4.6. Accordingly, our algorithm
was rather accurate but can still make reasonably good predictions. We conclude that our model returns fairly good
prediction results.

5 DISCUSSIONS

In a real working environment, the prediction of climate and weather change is complex and ambitious, because climate
and weather predictive values result from a combination of spatial factors at a particular time. This research aimed to
provide reliable evidence for the impacts of current climate change and extreme sand movement in certain regions and
provinces in Vietnam. The aim of this research was to provide the public with a better understanding of the current situ-
ation of climate change, as well as useful information for the government. Based on the results achieved in the preceding
sections, we now discuss matters such as design, application, efficiency, and economy.

• Design: The system has three components with different functions: to collect data from the node sensors, to control
the system through a web application, and to apply the linear regression in ML to analyze the data to predict weight
and volume. The first model consisted of a mechanic structure that can obtain the data from the sensor node. The
second component was the web-based application, designed and implemented to monitor data change in real time.
In this step, large-scale data from WSN were stored and employed for data analysis. The third component applied the
most fundamental machine learning algorithm to analyze the data, in order to predict the weight of sand movement.
Of course, the factors affecting sand movement are not limited to wind and rain. Hence, we will continue to improve
and develop the system and will use multiple linear regression to monitor a wide range of variables.

• Application: The developed system was installed in Binh Thuan province, Vietnam. One key contribution of this work
was to demonstrate the effects of a changing environment and climate. Moreover, it provides a way for local govern-
ments and farmers to track wind speed and sand movement in their area, without needing to be present at the site in
question.

• Efficiency: The results show clear benefits for governments and farmers in relation to their work in agriculture. Accu-
rate predictions of future sand movement reduce prices and enhance agricultural productivity. This case study offers
significant potential for the use of digital technology applications in predicting climate change. We also hope that, after
a successful pilot implementation, the project will be implemented on a large scale so that more people can benefit
from what it has to offer.

• Economy: This research was conducted by designing a mechanical tool to monitor and predict sand movement by
applying WSN and ML technology at a low cost. This research not only evaluated current conditions but also predicted
future climate change. Furthermore, the relationship between climate change and extreme weather was recognized
through the scientific method.

6 CONCLUSIONS

In this paper, the combination of WSN and ML enabled the prediction of climate change to improve crop yields, enhance
the quality of life, and reduce costs in several areas. This research is not only conducive to the improved allocation of
fiscal expenditure by the government, through altering their perception, but may also help the public in their own efforts
through having a correct perception. Climate change can only be solved through the joint efforts of the government and
the public. For this reason, we have recommended WSNs for the monitoring of sand movement in this article. We have
designed and implemented a system to measure environmental factors on a sandhill and on a beach. We have also applied
the most fundamental machine learning algorithm to analyze data in order to predict the weight of sand movement. The
developed system was installed at a location in Binh Thuan province, Vietnam with high efficiency and low cost. In future
work, we will compare our system with existing approaches in the same and real experiments.



ANH KHOA ET AL. 17 of 18

AUTHOR CONTRIBUTIONS

Conceptualization, methodology, writing-original draft preparation, writing—review and editing, visualization, and
project administration were done by Tran Anh Khoa, Hoang Hai Son, VanDung Nguyen, Nguyen Hoang Nam, Nguyen
Trung Tin, and Dang Ngoc Minh Duc; formal analysis, resources, and software were done Nguyen Quang Minh, Cao
Nguyen Dang Khoa, Dinh Ngoc Tan, and Tran Anh Khoa.

CONFLICT OF INTEREST

There is no conflict of interest.

DATA AVAILABILITY STATEMENT
The data that support the findings of this study are available from the corresponding author upon reasonable request.

ORCID

Tran Anh Khoa https://orcid.org/0000-0003-4649-8417
Hoang Hai Son https://orcid.org/0000-0002-7365-4078
Nguyen VanDung https://orcid.org/0000-0002-3940-3929
Nguyen Hoang Nam https://orcid.org/0000-0002-9949-0702
Dang Ngoc Minh Duc https://orcid.org/0000-0001-9302-3129

REFERENCES
1. Thanh, Nguyen. Available online. https://dantocmiennui.vn/cuoc-chien-chong-sa-mac-hoa-o-binh-thuan%/232632.html; 2020.
2. VKHTL. Vietnam. Available online. http://www.vawr.org.vn/index.aspx; 2020.
3. Anne G, Le H, Pham L, et al. Impact of global climate change and desertification on the environment and society in the southern centre

of vietnam (Case Study in the Binh Thuan Province). AGRIS.FAO; 2013.
4. Pham T, Le M. Hien trang xoi lo boi tu bo bien. Vietnam J Earth Sci. 2011;33(3). http://vjs.ac.vn/index.php/jse
5. Le H, Anne G, Luc H. Risk assessment of desertification for binh thuan province, vietnam. Hum Ecol Risk Assess Int J. 2014;16:1544-1556.
6. Josephine Y, Sara G, Anne J. Climate change adaptation and gender inequality: insights from rural vietnam. Subtainability. 2019;11:2-16.
7. Tran AK, Mai MM, Tan Y N, Van Dung N, Nguyen HN. Smart agriculture using IoT multi-sensors: a novel watering management system.

JSAN. 2019;8(45):2-22.
8. Laura G, Lorena P, Jose MJ, et al. Iot-based smart irrigation systems: an overview on the recent trends on sensors and iot systems for

irrigation in precision agriculture. Sensors. 2019;20(1042):2-48.
9. Uferah S, Rafia M, José G-N, Syed Ali H, Syed Ali RZ, Naveed I. Precision agriculture techniques and practices: from considerations to

applications. Sensors. 2019;19(3796):2-25.
10. Hatano Y, Kanda Y, Udo K, et al. A wind tunnel experiment of s and transport and its comparison with the werner mode. J Geophys Res.

2004;109(F01001):1-10.
11. Tomasz AL. A review of field methods to survey coastal dunes–experience based on research from south baltic coast. J Coastal Conserv.

2016;20:175-190.
12. Ghadiry M, Shalaby A, Koch B. A new gis-based model for automated extraction of sand dune encroachment case study: Dakhla oases,

western desert of egypt. Egyptian J Remote Sens Space Sci. 2012;15:53-65.
13. Report. Monitoring and analysis of sand dune movement and growth on the navajo nation, southwestern united states.
14. Manik DA, Sabyasachi M, Susanta P, Adarsa J, Soumya KM, Arnab S. Gis based beach sand budget analysis through seasonal beach

profiling using cartographic techniques. Model Earth Syst Env. 2016;2(74):2-13.
15. Kim H, Zohaib M, Cho E, Kerr YH, Choi MH. Development and assessment of the sand dust prediction model by utilizing microwave-based

satellite soil moisture and reanalysis datasets in east asian desert areas. Adv Meteorol. 2017;2017:2-13.
16. Brownett JM, Mills RS. The development and application of remote sensing to monitor sand dune habitats. J Coast Conserv.

2017;21:643-656.
17. ElSayed H, Sebastien L, Islam AEM. Retrieving sand dune movements using sub-pixel correlation of multi-temporal optical remote sensing

imagery, northwest sinai peninsula, egypt. Remote Sens Env. 2012;121:51-60.
18. Diego S, Julia S, Carlos C, Jose LC, Pablo G. Detecting areas vulnerable to sand encroachment using remote sensing and gis techniques in

nouakchott, mauritania. Remote Sens. 2018;10(1541):2-18.
19. Pozzebon A, Andreadis A, Bertoni D, Bove C. A wireless sensor network framework for real-time monitoring of height and volume

variations on sandy beaches and dunes. ISPRS. 2018;7(141):2-18.

https://orcid.org/0000-0003-4649-8417
https://orcid.org/0000-0003-4649-8417
https://orcid.org/0000-0002-7365-4078
https://orcid.org/0000-0002-7365-4078
https://orcid.org/0000-0002-3940-3929
https://orcid.org/0000-0002-3940-3929
https://orcid.org/0000-0002-9949-0702
https://orcid.org/0000-0002-9949-0702
https://orcid.org/0000-0001-9302-3129
https://orcid.org/0000-0001-9302-3129
https://dantocmiennui.vn/cuoc-chien-chong-sa-mac-hoa-o-binh-thuan%/232632.html
http://www.vawr.org.vn/index.aspx
http://vjs.ac.vn/index.php/jse


18 of 18 ANH KHOA ET AL.

20. Pozzebon A, Cappelli I, Mecocci A, Bertoni D, Sarti G, Alquini F. A wireless sensor network for the real-time remote measurement of
aeolian sand transport on sandy beaches and dunes. J Comput Phys. 2018;18(820):2-21.

21. Saymohammadi S, Zarafshani K, Tavakoli M, Mahdizadeh H, Amiri F. A prediction of climate change induced temperature & precipitation:
The case of iran. Sustainability. 2017;9(146):2-13.

22. Kim MJ, Hall CM. Can climate change awareness predict pro-environmental practices in restaurants? Comparing high and low dining
expenditure. Sustainability. 2019;11(6667):2-20.

23. Zhang Y, Li H, Reggiani P. Climate variability and climate change impacts on land surface, hydrological processes and water management.
Water. 2019;11(1492):2-8.

24. Li Y, Li M, Li C, Liu Z. Optimized maxent model predictions of climate change impacts on the suitable distribution of cunninghamia
lanceolata in china. Forest. 2020;11(302):2-25.

25. Alotaibi K, Ghumman AR, Haider H, Ghazaw YM, Shafiquzzaman. M. Future predictions of rainfall and temperature using GCM and
ANN for arid regions: A case study for the qassim region, saudi arabia. Water. 2018;10(1260):2-23.

26. Zhu R, Yang L, Liu T, Wen X, Zhang L. Hydrological responses to the future climate change in a data scarce region, northwest china:
application of machine learning models. Water. 2019;11(1588):2-19.

27. Ren L., Yu Y, Xiong Z, et al. A simplified climate change model and extreme weather model based on a machine learning method.
Symmetry. 2020;12(139):2-29.

28. Tran TH. Integration of geospatial technologies in monitoring drought events in a coastal area of vietnam (case study: Binh thuan
province). J Comput Phys. 1974;14(3):227-253.

29. Le TH, Gobin A, Hens L. Risk assessment of desertification for Binh Thuan province, vietnam. Hum Ecol Risk Assess Int J.
2014;19:1544-1556.

30. Hoang H, Phan C, Bell R. Sandy soils in south central coastal vietnam: their origin, constraints and management. World Soil Congr 19th.
2010;19:251-254.

31. Channing A, Finn T, James T. The economic costs of climate change: a multi-sector impact assessment for vietnam. J Comput Phys.
2015;7(4):4131-4145.

32. 74HC595. Available online. 2020.
33. 74HC151. Available online. https://www.alldatasheet.com/view.jsp?Searchword=74HC151&sField=1; 2020.
34. Photoresistor GLSeries. Available online. https://www.kth.se/social/files/54ef17dbf27654753f437c56/GL5537.pdf; 2020.
35. ATmega328P. Available online. https://www.microchip.com/wwwproducts/en/ATmega328P; 2020.
36. DHT11. Available online. https://www.mouser.com/datasheet/2/758/; 2020.
37. Loadcell HX. Available online. https://www.instructables.com; 2020.
38. E32-TTL-100. Available online. www.cdebyte.com/E32-TTL-100_Datasheet_EN_v1.0; 2020.
39. ESP8266. Available online. https://www.espressif.com/sites/default/files/documentation; 2020.
40. Brooks C. Introductory econometrics for finance - a brief overview of the classical linear regression model. 4th edition. Cambridge: Cambridge

University Press; 2014:75-133. https://doi.org/10.1017/9781108524872
41. Vu T. Available online. https://machinelearningcoban.com/2016/12/28/linearregression/; 2020.
42. Pathak P. Available online. https://medium.com/analytics-vidhya/a-beginners-guide-to-linear-regression-in-python-with-scikit-learn-

6b0fe70b32d7; 2020.
43. Wikipedia. Available online. 2020. https://en.wikipedia.org/wiki/Mean_absolute_error

How to cite this article: Anh Khoa T, Quang Minh N, Hai Son H, et al. Wireless sensor networks and machine
learning meet climate change prediction. Int J Commun Syst. 2020;e4687. https://doi.org/10.1002/dac.4687

https://www.alldatasheet.com/view.jsp?Searchword=74HC151%26sField=1
https://www.kth.se/social/files/54ef17dbf27654753f437c56/GL5537.pdf
https://www.microchip.com/wwwproducts/en/ATmega328P
https://www.mouser.com/datasheet/2/758/
https://www.instructables.com
http://www.cdebyte.com/E32-TTL-100_Datasheet_EN_v1.0
https://www.espressif.com/sites/default/files/documentation
https://doi.org/10.1017/9781108524872
https://machinelearningcoban.com/2016/12/28/linearregression/
https://medium.com/analytics-vidhya/a-beginners-guide-to-linear-regression-in-python-with-scikit-learn-6b0fe70b32d7
https://medium.com/analytics-vidhya/a-beginners-guide-to-linear-regression-in-python-with-scikit-learn-6b0fe70b32d7
https://en.wikipedia.org/wiki/Mean_absolute_error
https://doi.org/10.1002/dac.4687

	Wireless sensor networks and machine learning meet climate change prediction
	Abstract
	1 INTRODUCTION
	2 RELATED WORKS
	3 MATERIALS AND METHOD
	3.1. An overview of the system
	3.2. Study area
	3.3. Data collection
	3.4. System architecture
	3.4.1. Sensor node architecture
	3.4.2. Server node architecture

	3.5. Web application for online data collection
	3.6. Predict sand movement by using linear regression in machine learning

	4 EXPERIMENTAL RESULTS
	4.1. Test in a real environment
	4.2. An algorithm for sand movement prediction

	5 DISCUSSIONS
	6 CONCLUSIONS
	Author contributions
	REFERENCES



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles false
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends false
  /DetectCurves 0.1000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize false
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage false
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Remove
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth 8
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /FlateEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth 8
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /FlateEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /PDFX1a:2001
  ]
  /PDFX1aCheck true
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError false
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (Euroscale Coated v2)
  /PDFXOutputConditionIdentifier (FOGRA1)
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org)
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <>
    /CHT <>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF che devono essere conformi o verificati in base a PDF/X-1a:2001, uno standard ISO per lo scambio di contenuto grafico. Per ulteriori informazioni sulla creazione di documenti PDF compatibili con PDF/X-1a, consultare la Guida dell'utente di Acrobat. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 4.0 e versioni successive.)
    /JPN <>
    /KOR <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die moeten worden gecontroleerd of moeten voldoen aan PDF/X-1a:2001, een ISO-standaard voor het uitwisselen van grafische gegevens. Raadpleeg de gebruikershandleiding van Acrobat voor meer informatie over het maken van PDF-documenten die compatibel zijn met PDF/X-1a. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 4.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENG (Modified PDFX1a settings for Blackwell publications)
    /ENU (Use these settings to create Adobe PDF documents that are to be checked or must conform to PDF/X-1a:2001, an ISO standard for graphic content exchange.  For more information on creating PDF/X-1a compliant PDF documents, please refer to the Acrobat User Guide.  Created PDF documents can be opened with Acrobat and Adobe Reader 4.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /HighResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


